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Application

Comparative analysis Correlation between copy number dosage and mRNA
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Fig. 5. mRNA expression of genes with frequent amplification and homozygous deletion in glioblastoma (A) mMRNA expression of characteristic genes in different SCNA

Fig. 4. Frequency of SCNA called in different datasets of glioblastoma samples. Yellow represents duplication. Blue represents deletion. levels. (B) Heatmap of SCNA level and mRNA expression in TCGA glioblastoma samples. Rows represent samples and columns represent genes. In the left SCNA
The Y-axis is the percentage of samples with SCNA overlapping with the genomic bin of 1MB size. The numbers on the X-axis represent heatmap, the values are SCNA labels. In the right mMRNA heatmap, the row and column order is the same as in the left plot. TMM-normalized (31) mRNA counts were

chromosomes. Low-level SCNAs are called SCNAs with labels "+1” and *-1”. High-level SCNAs are called SCNAs with labels "+2” and ’- log-transformed and standardized across samples per gene for visualization. BH-adjusted P values were calculated using the Kruskal-Wallis rank sum test on

2”. Background noise peaks were filtered in the frequency plots of the high-level SCNAs. normalised mRNA counts.

Conclusion Conclusion

LabelSeg could provide a reliable calling no matter how heterogeneous the data We observed strong correlation between matched mRNA expression and SCNA levels assigned

are in terms of measurement platforms (input is segment file), tumor sample by LabelSeg, indicating the important role of (high-level) SCNA in cancer development.
purities, and noise (clustering-based estimation).
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